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SemiSupervisewbjectsegmentation

Roughsegmentation

AB. C. Russell, Aorralbg K. P. Murphy, and W. FreemanLabelme A
database and weibased toolfor imageannotation |[JCV2008



SemiSupervisewbjectsegmentation

1) 2)

A 1) P.Arbelaezand L. Cohen. Constrained image segmentation from hierarchical boundaries. In
VPR'08, 2008.

A 2? K. _tI\/Ithuinness and N. E. O'Connor. A comparative evaluation of interactive segmentation
algorithms.



SemiSupervisewbjectsegmentation

Boringtaskfor userd







Gameswith apurpose

|

@ Peeka boo m N
=T : ,
0:34
Name It Game
n! Whny n pacy TIvE LeF
‘ Guess 39
1) -

2)

Probiemns? Deskaboem resun BE veraion 3.4 or leter

A1)J St&g iInkand CSnoek Adding semantic® imageregionannotations with thenameiit-
game.Multimedia Systems2011

A %%)IégonAhn, R. Liu, and M. BlurReekabooma gamefor locating objects in images. GHI'06



Ask’”nSeek

A.Carlier O. Marques, and Charvillat Ask'nseekAnew game foiobject detectionand labelingln
ECCV'12 Workshope12.
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Ask'nSeek
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Constrained parametric micuts for
automatic objecsegmentation

At

J. Carreirand C.SminchisescuConstrainedparametricmin-cuts for automatic object
segmentation. IICVPR'1Q2010.




Constrained parametric micuts for
automatic objecsegmentation

J. Carreirand C.SminchisescuConstrainedparametricmin-cuts for automatic object
segmentation. IICVPR'1Q2010.
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Experiments

Howmanyclicksdo we needto achievea certainquality in the

segmentatior?

Testthe algorithmfor alargeimagedataset




Pascal VOC2010
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Simulator

AThesimulatorgeneratespoints usingthe groundtruth of the image




Simulatorvalidation

ASubset of Pascal objects with a minimum of 15 assoc@tek
collectedwith! a1 QY { SS

AComparison between real and simulated results

&

How do we compare?



Jaccardndex
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J(A, B) =

Similaritybetweenthe segmentatiornresultandthe groundtruth mask
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SimulatorLocationof clicks

¥

P E #
Ground Truth Image | G'°U“§|T'”th | [LMSE TMSE MINATSE

Saliency | 0.0319 | 0.0007 [ 0.0143

Random | 0.0545 | 0.0073 0.0117

Distance Map Distance Map .
| pistan Fpisiance Pascal VOC20104jn)
| Filtered Distance Map’ ’ Saliency map Filtered distance map

% "4

S Goferman, L. Zelnldanor, and ATal.Contextaware
saliencydetection PAMI,2012.

\ Result | Result



Simulator: FG/BG ratio

AThreeconfigurationswere testedt

AFixed
AByarea
ABysaliency

LMSE c:r'f rop | MINMSE
Fixed 0.0703 | 0.0040 0.0277
Area 0.0472 | 0.0005 0.0299
Saliency | 0.0453 | 0.0008 0.0219

Pascal VOC20104in)
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Results

Average Jaccard Index VS Number of Clicks
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Results

Jaccard Index by Object Class
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Conclusions

ARealisticsimulatorto procesdargeamountsof data.
AEstimationof the expectedAVERAGHEaccardndexby clicks

Alnter-classvarianceof results



Nextsteps

ASimulator;
A Ambiguitywhen multiple objectsfrom the sameclassin the sameimage
ADoesnot generateerrors, while humansdo.

Almagesegmentation
ALabelpropagationthroughhiercarchicapartitions(eg ! / a< . t ¢ X0
A Grabcut+ Superpixel§KevinMcGuinnessDCU).

ADatacollection
A Awardedwith $250 inCrowdMMCompetition(ACM MM Barcelona 2013).

microWorkers #idt i



Questionssuggestions.

Thankyou for your attention
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